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Importing data into Stata  

As previous explainers (Megan and Tracy) wonderfully explained the Stata commands that 

importing files with various formats, I’ll focus more on examples using publicly available data 

(NLSY and NSCG). 

 

• National Longitudinal Survey of Youth (NLSY) 

National Longitudinal Survey of Youth (NLSY, hereafter) is one of the representative longitudinal 

data that is widely used in social sciences. According to the US Bureau of Labor Statistics, The 

NLSY collects extensive information on respondents’ labor market behavior and educational 

experiences.  

When I first encountered this dataset, I was a little bit panicked because it is not a dta format! 

When you download the data zip file that NLSY investigator created for you, it gives you .dct 

formatted file and do file for labeling. Let’s work on these files using Stata.  

  

1) Need to download the dataset 

(1) First, go to the NLS investigator (https://www.nlsinfo.org/investigator/pages/search#), 

create an account, log in, and then choose whatever studies that you want to work 

with. I’ll choose NLSY97. Then, select a sub study that you want to work on if 

applicable.  

 

(2) Select your variables of interest. It automatically includes recommended 

demographic variables along with ID (PUBID, SEX, BIRTH_MONTH, BIRTH_YEAR, 

SAMPLE TYPE, RACE_ETHNICITY). I’ll choose additional variables (highest degree 

achieved, highest degree completed, marital status, and family income, all 2017). Please 

note that this dataset is “longitudinal,” which surveyed multiple years.  

(3) Go to a Save/Download tab and download files. I mostly download with default 

settings (and I recommend this); but if you customize your download files, be sure to choose 

https://www.nlsinfo.org/investigator/pages/search


“STATA dictionary file of selected variables.” It will create labels of selected variables for 

your convenience.  

 

  

(4) Unzip it. The files are ready! 

 

2) Importing data into Stata 

(1) Among the files that you downloaded, .dct and .do files are the files that you are 

going to use when importing into STATA.  

 

 

(2) In Stata, for your convenience, set your working directory. Then, use “infile” 

command to import dct file. The basic command is infile using filename.dct. For more 

information about this “infile” command, type help infile in your command window.   



 

 

(3) Now you can see a bunch of undecipherable variable names on your variables 

window. NLSY investigator kindly creates a do file for labeling. Let’s utilize that. Open 

that do file.   

 

  



(4) Execute your do file. Wait! One thing to note is that you need to remove /* */ before and after 

“rename” command lines.  

 

 

  



(5) I think STATA has some issues with an exclamation mark in variable names. Let’s revise 

dofile by erasing ! in your new variable names. 

 

 

(5) Ta-da! Now you’re ready to use your data.  

 

 

 



• National Survey of College Graduate (NSCG) 

This is nationally representative data that study college graduates. It provides information about 

the transition from college and to the labor market. The most unfortunate part of this data is that 

this does not provide dta format, only SAS and SPSS formats, which means, we need to 

convert this format. You can download the file at the link here 

(https://ncsesdata.nsf.gov/datadownload/) 

If your Stata is version 16 or higher, you can use “import spss” for .sav format and “import sas” 

for .sas7bdat file. Or for lower versions of the Stata, there is an “import sasxport” command 

for .xpt format (SAS file). I tried all of them, but none of them works (just gave me error 

messages). Therefore, as an alternative, I will use Spss syntax file (which is included in the zip 

file) for creating a data file, and then convert it to dta file using a user-built Stata package called 

“importsav,” which converts your Spss file (.sav) into Stata file (.dta). Therefore, Spss is required. 

You can use Spss from Arizona Vcat (vcat.arizona.edu) or download a trial version. The reason 

why I use Spss rather than SAS is that Spss is easier to operate as it has a point-and-click 

interface.  

For using “importsav” package, you need to install it (ssc install importsav). The principle of this 

package is that it transforms Spss file into Stata file via R. So, a prerequisite for using this 

package is that R should be installed on your computer.  

 

1) Download the dataset 

As an example, I’ll use the latest survey, 2019 NSCG. Then unzip it.  

 

As you can see on your left side, there is 

Ldpcg19.sps file. This is a Spss syntax file. 

Although this zip file includes DAT or 

other text format files, these are tailored to 

SAS or Spss, it is not appropriate to 

directly import into Stata. As a detour, I 

will use this Spss syntax file and create 

SAV file, which is a data file for Spss.  

 

 

 

 

 

 

 

https://ncsesdata.nsf.gov/datadownload/
https://arizona.apporto.com/


Execute! 

2) Use Ldpcg19.sps file 

This is a Spss syntax file. If you open it, you can see Spss syntax editor. All you need to do with 

this syntax is to set the file directory for the first and end of the line (each corresponds to open 

and saving directories, respectively) and execute with the green arrow above. Then Spss data 

file is ready to use.   

 

 

 

3) In Stata…. 

(1) Install importsav package using command line ssc install importsav 

(2) As we are going to convert Spss file into Stata, command line is importsav 

epcg19.sav (Please refer to help importsav for details) 

 



 

4) It takes a while to convert, but it successfully converts.  

 



**One thing to note is that the value labels are coded as string type. For example, instead of 0 

as No and 1 as Yes, N is coded as No and Y is coded as Yes. So for manipulation, you need to 

transform these value labels into numeric format (e.g. destring).  

 

 

 

Summarizing data 

As previous explainers wonderfully explained useful commands for summarizing your data (ds, 

codebook, tab1, stem, dotplot, inspect, assert), I will focus here more on the visualization part. 

For consistency, I will use NLSY data that we cleared earlier as an example.  

As an example, I will explore the relations between years of education and family income. This 

is a very rough relationship as you see. As there is no information about temporal relationships 

as well as the assumption that the family unit has remained unchanged, it is not about causality 

by any means. Family income may influence years of education or years of education may 

influence gross family income. Anyway, let’s explore these two variables and their relations.  

Before actually explore the relations, we need to see each variable separately. dotplot is useful 

to see a distribution of a variable. As you can see, there’s a big outlier near 100 (y-axis) – yes, 

right. I guess it’s a missing value that hasn’t been treated yet. When you tabulate this variable 

with no label option, you can see that there are -3, -5, and ungraded (coded as 95). Although 

these three values may connate different substantive meanings, let’s keep it simple because it’s 

an example for data summary visualization.  

 

 



 

Let’s create a new variable with no missing value. I’ll name this variable as y_edu.  

 

 

Will follow the same procedure for family income. In the case of the top-earning group near 

500000, this is not a missing; according to the NLSY, the top 2% is topcoded. That means this 

is a truncated value. In this case, how to treat these top-coded values depends on a 

researcher’s purpose. For simplicity, I will exclude these “outliers” in this example. The new 

variable name is fam_income.   

Command line for dotplot 



 

 

Now we get a sense of how these two variables look like. We can now dive into a relationship of 

the two variables using a scatterplot. Scatterplot is useful for exploring a bivariate relationship. 

In the following, I draw from Long (2009).  

  



• Scatterplot 

1) Scatterplot with default option. This is simple. Use scatter command and then type two 

variables that you want to explore in terms of their relations. Below, I use command scatter 

fam_income y_edu. 

 

In the above plot, you can see somewhat linear relations; that means a positive association 

between family income and years of education. You can add a regression line here using lfit 

option. (Source: https://www.ssc.wisc.edu/sscc/pubs/sfs/sfs-scatter.htm) 
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2) scatterplot with jitter option 

Another way to speculate a bivariate relationship is to use jitter option in a scatterplot. 

Jitter option adds random noise to a scatterplot by “jittering” the data points that overlap 

too much. You see that the scatterplot above data points at each y_edu (x-axis) looks 

almost a line. By jittering it with random perturbation, you can see a more dispersed 

distribution. You can designate the percentage of noise in parenthesis. I’ll add 5% of 

random noise at the scatterplot with hollow circles.  

 

Can you see a little bit of noise added above?  

 

  



3) Scatterplot by group 

(Source: https://stats.idre.ucla.edu/stata/modules/graph8/intro/introduction-to-graphs-in-stata/) 

 

Or you may want to see a relationship between the two variables by subgroup. For example, a 

relationship between education and family income by gender. Does the women group show a 

stronger association between income and education than men? Or vice versa? Let’s find out.  

 

 
 

How does it look?  Is there a difference in the slope of fitted lines? Or is there a difference 

between the two distributions?  

   

  

https://stats.idre.ucla.edu/stata/modules/graph8/intro/introduction-to-graphs-in-stata/


• graph matrix 

What if you want to explore other bivariate relationships? Use can plot scatterplot in matrix form. 

The command is intuitive enough, graph matrix. In our example, I’ll add one more variable, 

race_ethnicity. The current name of the variable is a bit messy, so before I plot them, I’ll rename 

the variable to race (and FYI, there’s no missing in this variable). Also, for the exploratory 

purpose, add jitter (3%), and half option (we don’t need redundant information!).   

 

  



• Running diagnosis  

- Although this is not a visualization, it is a nice feature introduced in Long (2009). 

Almost all publicly available datasets, unique ID variable must be included. NLSY, for 

example, includes PUBID variable by default when downloading the dataset. Let’s see if 

that’s true using isid command, which tells you the variable of your interest is a unique 

ID or not.  

 

 

You can see that PUBID_1997 (this survey started to survey in 1997) is a unique ID but 

SEX_1997 is not.  

 

If PUBID is a unique ID variable, then there should be no duplication. The duplicates 

report command is another command that can verify a unique ID variable. Can you see 

that there is only 1 copy of 8984 observations?  

 

 

 

 

 


